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ENGINEERING, MOHAMED SATHAK A.J. COLLEGE OF ENGINEERING, CHENNAI, TAMIL NADU,
INDIA

1. Introduction

The standard testing model to predict coronavirus disease 2019 (COVID-19) is carried
out by real reverse-transcription polymerase chain reaction (rRT-PCR) assay, a typical
molecular-based assay that requires a long time to produce the desired outcome.
Although the tool has been extensively applied, it depends on a well-trained laboratory
and expert physicians, and it is time-consuming [1—5]. Because the COVID-19 outbreak
is unmanageable, a great number of people’s lives are at the dangerous point that has
resulted in the breakdown of medical applications and global panic. Testing that relies
on rRT-PCR is not applicable to managing the disease because COVID-19 has many
asymptomatic cases [6].

Another option for COVID-19 diagnostic models is point-of-care (POC) tools that
apply the lateral flow immunoassay (LFIA) method, mainly used to predicting COVID-19
in humans [7,8]. Immunoglobulin (Ig)G and IgM antibodies over severe acute respiratory
syndrome (SARS)-CoV-2 might be predicted from human serum once COVID-19 is
induced. The prediction stages of such antibodies offer data on the development and
phases of viral infection. Because there are many virus-confirmed cases, various POC-
LFIA tools have the ability to predict IgG and IgM levels, which facilitate them as

,..-—',‘,..-'.I."w Y .
AT AN 'baga Science for COVID-19. https://doi.org/10.1016/B978-0-12-824536-1.00001-0 \ { | 627
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Firefly—Binary Cuckoo Search
Technique based heart disease
prediction in Big Data Analytics

G. Manjula’, R. Gopi®, S. Sheeba Rani’, _
Shiva Shankar Reddy” and E. Dhiravida Chelvi®

! Department of Information Science & Engineering, Dayananda Sagar
Academy of Technology & Management, Bengaluru, India ?Department of
Computer Science and Engineering, Dhanalakshmi Srinivasan Engineering
College, Perambalur, India 3Department of Electrical and Electronics
Engineering, Sri Krishna College of Engineering and Technology, Coimbatore,
India *Department of Computer Science and Engineering, SRKR Engineering
College, Bhimavaram, India ®Department of Electronics and Communication
Engineering, Mohamed Sathak A.J. College of Engineering, Chennai, India

Abstract

Nowadays, big data analysis is being given more attention in
complex healthcare settings. Fetal growth curves, the classic case of
big health data, are used to predict coronary heart disease. The pro-
posed framework introduces the idea of summarizing large big data
(inputs) in multidimensional scenarios in which known data min-
ing methods such as preprocessing, optimal selection of features
and forecasts are used. The dataset contains many random and var-
iable values and can lead to incorrect results. Therefore, when deal-
ing with these values, the utmost care is needed to obtain the best
performance. Therefore, data creation before optimal function crea-
tion is processed using bacterial foraging optimization (BFO) before
sample creation. It defines a multidimensional mining approach as
a whole that addresses complex healthcare environments. This
work aims to predict the risk of coronary heart disease (CAD) using
machine learning algorithms such as Firefly—Binary Cuckoo
Search (FFBCS). We also suggest a preliminary analysis of the per-
formance of the framework.

Keywords: Coronary heart disease; preprocessing; bacterial
foraging; Firefly; Binary Cuckoo Search

ig D'a‘; in Healthcare. DOL: hllps:l/dui.orgll0.10]6/B978-()-12-820203~$.000()7-2
. All rights reserved.
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Chapter 5
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Abstract

This covid 19 pandemic affected many resecarch scholar’s life. Many
researches not able to enter to their research lab. Their course work examination
become virtual and their doctoral committee to thesis submission held in online. Many
researchers undergo various challenges and this need a quick reform in future research
guidelines. In this article the problems faced by the rescarchers is discussed and this
will help the researchers to be ready for any pandemic occurs in future.

Keywords: lockdown, COVID-19, research scholars

Introduction

Research scholars during pandemic affected much without doing any kind of
research, even though extension in PhD is available in many universities. Some
research scholars are currently in the last year and they are undergoing many
challenges in research. Many researcher scholars worried about their future. The covid
19 Lockdown also instigated encouraging changes in personal life of research scholars
[1]. The impact of UG and PG students in universities is studied. An online
questionnaire used to collect the information using google form [2]. In academia, there
are many practical issues for the reading habits during COVID-19. On what frequency
the academician is reading, why they are reading, from where academic staff are
reading and how much time they are spending to read during lockdown [3]. The new
SARS-CoV-2 coronavirus gave an alarm to many universities for virtual teaching
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